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Overview

Theater system technique

Model-based attention prediction

Case study system: Traffic light assistance

Results of system analysis
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Theater-system technique

————
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Model-based attention prediction
Simulated SEEV model

e SEEV model wickensetar, 2001)

Attention = Saliency - Effort + Expectancy - Value
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Model-based attention prediction

Simplifying model generation with the Human Efficiency Evaluator (HEE)

ldentifying information sources
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Model-based attention prediction

Simplifying model generation with the Human Efficiency Evaluator (HEE)

|dentifying Expectancy coefficients
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Model-based attention prediction

Simplifying model generation with the Human Efficiency Evaluator (HEE)

ldentifying task importance

Value of information source i: z relevance of i for task - importance of task
tasks

1 [ ControlLateralPosition ‘ [ ObserveRoadAhead

2 [ ControlSpeed ‘

3 [ ObserveRearTraffic ‘
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Model-based attention prediction

Simplifying model generation with the Human Efficiency Evaluator (HEE)

ldentifying relevance of each information source for each task

"3 AlEForms.Desktop
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Case Study

« 3 HMI designs
« Longitudinal control automation
« Green traffic light assistance
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Case Study

Grin bei Erreichen
—
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Results

Information sources
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Results

Predicted attention distribution

(HMI 1, participant 5)

AutoUl 16 — Bertram Wortelen 12



CARL
VOMN
DSSIETI_H_:Y
universitdt |OLDENBURG

Participant
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Results
Predicted attention distribution
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Model consistency

Relevance ratings
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Model consistency

Task value ratings
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Thank you

Human Efficiency Evaluator
http://hee.multi-access.de

Sebastian Feuerstack
feuerstack@offis.de

Bertram Wortelen
bertram.wortelen1@uni-oldenburg.de

Carmen Kettwich
carmen.kettwich@dlr.de

Anna Schieben
anna.schieben@dlr.de

CogTool
http://cogtool.com
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Model-based attention prediction
Simulated SEEV model

« SEEV model: Attention = Saliency - Effort + Expectancy - Value
(Wickens et al., 2001) / \
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